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representative trajectory. The representative trajectory may
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APPROACH FOR CONSOLIDATING
OBSERVED VEHICLE TRAJECTORIES
INTO A SINGLE REPRESENTATIVE
TRAJECTORY

CROSS-REFERENCE TO RELATED
APPLICATIONS

The present application is a continuation, of U.S. patent
application Ser. No. 13/422,688, filed Mar. 16, 2012, the
disclosure of which is incorporated herein by reference.

BACKGROUND

Autonomous vehicles use computing systems to aid in the
transport of passengers from one location to another. Such
vehicles may be equipped with various types of sensors in
order to detect objects in their surroundings. Autonomous
vehicles may include lasers, sonar, radar, cameras, and other
devices which scan and record data from the vehicle’s
surroundings. These devices may be used to detect the
geometry of the road on which the vehicles are travelling
and determine the locations of the road’s curb and lanes.

FIG. 1, depicts a flowchart 100 of a high-level process
executed by autonomous vehicles in general. According to
the process, an autonomous vehicle is programmed with a
destination and asked to reach it (task 110). Upon receiving
the destination, the autonomous vehicle may retrieve a map
and derive a model for the geometry of the road on which the
vehicle may be travelling (task 120). Afterwards, the vehicle
may use the road model to stay on the road and reach the
destination safely (task 130).

When road maintenance is performed, lanes in the road
may become closed or shifted. The road geometry may
change and the map used to produce the road model may
become inaccurate. The inaccuracy may carry into the road
model generated based on the map. This may pose danger to
the safe operation of the autonomous vehicle, for instance
putting it at risk of crashing into barriers or other types of
road blocks.

SUMMARY

In one aspect, a method is provided for controlling a
vehicle. The method includes tracking a plurality of vehicles
to obtain a plurality of observed trajectories. Each one of the
plurality of observed trajectories includes locations passed
by a vehicle from the plurality of vehicles. The method
further includes generating, by a processor, a plurality of
generated trajectories. Hach one of the plurality of generated
trajectories is generated using a different observed trajectory
as a base. Furthermore, each one of the plurality of generated
trajectories is generated by: selecting one of the plurality of
observed trajectories as a base, combining the selected
observed trajectory with remaining ones in the plurality of
observed trajectories to generate a resultant set of locations,
and combining the resultant set of locations with all
observed trajectories in the plurality of observed trajectories.
Once the plurality of generated trajectories is generated, a
first generated trajectory is selected from the plurality of
generated trajectories and then at least one of a speed of a
vehicle and a direction of the vehicle is changed based on the
selected first generated trajectory.

In one example, the first generated trajectory may be
selected based on a characteristic of a curvature of the first
generated trajectory. In another example, the first generated
trajectory may be selected based on a discontinuity in the
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first generated trajectory. In yet another example, the first
generated trajectory may be selected based on a character-
istic of a distribution of locations in the first generated
trajectory. In another example, the current location of the
vehicle may be determined and the first generated trajectory
may be selected based on a distance between the current
location and a location that is part of the first generated
trajectory. Moreover, the plurality of generated trajectories
may be generated using an expectation-maximization (EM)
process. Furthermore, the combining of the selected
observed trajectory with the remaining ones in the plurality
of observed trajectories may include identifying, for each
location in the selected observed trajectory, locations in
remaining ones of the plurality of observed trajectories that
are within a predetermined distance from the location in the
selected observed trajectory.

In another aspect, a method includes determining a plu-
rality of observed trajectories of vehicles that are travelling
on the same road as a first vehicle, determining a first
location by combining locations found in two or more
observed trajectories from the plurality of observed trajec-
tories, and selecting a second location that is part of an
observed trajectory from the plurality of observed trajecto-
ries. The method also includes calculating, by a processor, a
third location based on the first location. The third location
is located between the first location and the second location.
The method further includes controlling, by the processor,
the operation of the first vehicle based on the third location.
In some instances, controlling the operation of the first
vehicle may include changing at least one of a speed of the
first vehicle and a direction of the first vehicle based on the
third location.

The second location may be selected based on a distance
to the first location. The first location and the second location
may be calculated during different iterations of a process for
generating the third location. In this case, the third location
is used in controlling the operation of the first vehicle only
when it is determined by the processor that a predetermined
number of iterations of the process have been completed.
The first location may be part of a first generated trajectory.
The third location may be part of a third generated trajectory.
And the third location may be used in controlling the
operation of the first vehicle only when the third trajectory
satisfies a criterion for similarity in shape to the first trajec-
tory.

The method may further include identifying a constraint
for at least one of a shape of the first observed trajectory, and
a quality of information used as a basis for determining the
first observed ftrajectory. In addition, the method may
include determining a characteristic of the first trajectory, the
characteristic concerning at least one of the shape of the first
observed trajectory, and quality of information used as a
basis for determining the first observed trajectory. Moreover,
the method may include determining, based on the deter-
mined characteristic, an extent to which the first trajectory
meets the constraint. The third location may also be calcu-
lated based on the extent to which the first trajectory meets
the constraint. In some instances, the third location may be
used in controlling the operation of the first vehicle only
when it is determined by the processor that the third location
is within a predetermined distance from the first location.

In a yet another aspect, an apparatus is provided that
includes a processor configured to track a first vehicle to
obtain an observed trajectory. The observed trajectory
includes a first plurality of locations passed by the first
vehicle. Moreover, the processor is configured to execute a
process having an initial iteration that is executed first and
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a final iteration that is executed last. The initial iteration of
the process generates a resultant set of locations based on a
plurality of locations from the observed trajectory, and each
subsequent iteration, after the initial iteration, generates
another resultant set of locations based on the resultant set
of locations that is generated during a preceding iteration.
Furthermore, the processor is configured to change at least
one of a speed of the second vehicle and a direction of the
second vehicle based on one or more locations that are part
of the another resultant set generated by the final iteration.

The process executed by the processor may implement an
expectation-maximization (EM) process. In yet other
instances, the another resultant set of locations generated by
the final iteration may be generated based on the resultant set
of locations generated during an iteration immediately pre-
ceding the final iteration. The number of times the processor
performs a subsequent iteration in the process may depend
on a rule specifying a maximum number of iterations. In
other instances, the number of times the processor performs
a subsequent iteration may depend on a comparison between
the final resultant set of locations and a resultant set of
locations generated during an iteration preceding the final
iteration.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 depicts a flowchart of a process executed by known
autonomous vehicles.

FIG. 2 depicts a schematic diagram of components of an
autonomous vehicle in accordance with aspects of the dis-
closure.

FIG. 3 depicts another schematic diagram of components
of the autonomous vehicle in accordance with aspects of the
disclosure.

FIG. 4 illustrates an example operation of an autonomous
vehicle in accordance with aspects of the disclosure.

FIG. 5 illustrates further operation of the autonomous
vehicle in accordance with aspects of the disclosure.

FIGS. 6A-C depict plots of trajectories of vehicles that
share the road with the autonomous vehicle.

FIG. 7 depicts an example of a data structure that may be
used to store vehicle trajectories in accordance with aspects
of the disclosure.

FIGS. 8A-E depict plots of the trajectories of vehicles that
share the road with the autonomous vehicle, as well as
trajectories that are generated by the autonomous vehicle.

FIG. 9 depicts a flowchart of a process in accordance with
aspects of the disclosure.

FIGS. 10A-C depict flowcharts of sub-processes associ-
ated with FIG. 9 in accordance with aspects of the disclo-
sure.

FIG. 11 depicts a flowchart of sub-tasks associated with
FIGS. 10A-C.

FIG. 12 depicts another flowchart of sub-tasks associated
with FIGS. 10A-C.

FIG. 13 depicts a further flowchart of sub-tasks associated
with FIGS. 10A-C.

FIG. 14 depicts a flowchart of sub-tasks associated with
FIG. 9.

FIG. 15 depicts another flowchart of sub-tasks associated
with FIG. 9.

FIG. 16 depicts a yet another flowchart of sub-tasks
associated with FIG. 9.

DETAILED DESCRIPTION

In one aspect, an autonomous vehicle may use the tra-
jectories of other vehicles on the road to detect lane closures
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and road blocks. When a large number of vehicles move
away from one lane to another, in a given section of road,
oftentimes they do so because the former lane is closed. The
autonomous vehicle may monitor the other vehicles’ trajec-
tories and take the trajectory most traveled. By following the
path of other vehicles, the autonomous vehicle may bypass
road blocks in the same way vehicles ahead of it did.

In another aspect, the autonomous vehicle may perform
map updates when road lanes are closed. The autonomous
vehicle may calculate a first trajectory based on the other
vehicle’s trajectories and a second trajectory based on a
map. It may then match the two trajectories. A mismatch
may indicate that the representation of the road in the map
is inaccurate. The autonomous vehicle may take action to
correct the map or flag the inaccuracy.

FIG. 2 depicts a schematic diagram of the components of
autonomous vehicle 210 in accordance with aspects of the
disclosure. As shown in this example, vehicle 210 includes
vehicle control unit 220, braking system 230, steering sys-
tem 240, and acceleration system 250. Vehicle 210 is
capable of driving from one point to another without (or with
partial) input from a human driver. In some embodiments,
vehicle 210 is an automobile. In various embodiments
vehicle 210 may be a car, truck, motorcycle, bus, boat,
airplane, helicopter, lawnmower, recreational vehicle,
amusement park vehicle, farm equipment, construction
equipment, tram, golf cart, train, trolley, glider, warehouse
equipment, factory equipment, or the like. Vehicle control
unit 220 is a system for controlling the operation of vehicle
210. Vehicle control unit 220 may interact with braking
system 230, steering system 240, and acceleration system
250 to cause vehicle 210 to slow down, stop, steer, or
accelerate.

As shown in FIG. 3, vehicle control unit 220 may include
a processor 310, memory 320, radio 350, a camera 360, and
sensor 370. Memory 320 of vehicle control unit 220 stores
information accessible by processor 310, including instruc-
tions 330 that may be executed by the processor 310. The
memory also includes data 340 that may be retrieved,
manipulated or stored by the processor. The memory may be
of any type of tangible media capable of storing information
accessible by the processor, such as a hard-drive, memory
card, ROM, RAM, DVD, CD-ROM, write-capable, and
read-only memories. The processor 310 may be any well-
known processor, such as commercially available proces-
sors. Alternatively, the processor may be a dedicated con-
troller such as an ASIC.

The instructions 330 may be any set of instructions to be
executed directly (such as machine code) or indirectly (such
as scripts) by the processor. In that regard, the terms
“instructions,” “steps” and “programs” may be used inter-
changeably herein. The instructions may be stored in object
code format for direct processing by the processor, or in any
other computer language including scripts or collections of
independent source code modules that are interpreted on
demand or compiled in advance. Functions, methods and
routines of the instructions are explained in more detail
below.

Data 340 may be retrieved, stored or modified by proces-
sor 310 in accordance with the instructions 330. For
instance, although the system and method are not limited by
any particular data structure, the data may be stored in
computer registers, in a relational database as a table having
a plurality of different fields and records, or XML docu-
ments. The data may also be formatted in any computer-
readable format such as, but not limited to, binary values,
ASCII or Unicode. Moreover, the data may comprise any
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information sufficient to identify the relevant information,
such as numbers, descriptive text, proprietary codes, point-
ers, references to data stored in other memories (including
other network locations) or information that is used by a
function to calculate the relevant data.

Although FIG. 3 functionally illustrates the processor and
memory as being within the same block, the processor and
memory may actually comprise multiple processors and
memories that may or may not be stored within the same
physical housing. For example, some of the instructions and
data may be stored on removable CD-ROM and others
within a read-only computer chip. Some or all of the
instructions and data may be stored in a location physically
remote from, yet still accessible by, the processor. Similarly,
the processor may actually comprise a collection of proces-
sors which may or may not operate in parallel.

Sensor 370 may include a sensor for detecting pitch, yaw,
or roll of vehicle 210. Similarly, sensor 370 may be a laser
scanner such, sonar, radar, lidar, or another similar device for
detecting obstacles. Camera 360 is a camera for taking
pictures of the surroundings of vehicle 210. Camera 360
may be used to detect road blocks, road lanes, and other
environmental information. Radio 350 may be an 802.11
transceiver, a 3G transceiver, a communication unit for
inter-vehicle communication, or any other type of trans-
ceiver for receiving and transmitting information. Radio 350
may be connected to server 380 over a wireless network. The
server 380 may store information used by the vehicle control
unit 220 when controlling the vehicle. Such information
may include maps, information about other vehicles’ trajec-
tories, road conditions, climate conditions, and so forth. The
server 380 may receive from vehicle 210 (via radio 350)
map updates, map corrections, as well as other indication of
lane closures. The server 380 may store the received infor-
mation in memory or disseminate it among other autono-
mous vehicles on the road.

FIG. 4 depicts an example of the operation of vehicle 210
in accordance with aspects of the disclosure. In this
example, vehicle 210 is traveling on a road 430. Two of the
lanes of the road are closed by road block 420 due to road
construction. The vehicle 210 has to detect that the right two
lanes are blocked and move to the leftmost lane.

FIG. 5 shows an example where the vehicle 210 monitors
the trajectories of vehicles 510-530 in order to detect that the
rightmost two lanes of the road 430 are closed by road block
420. Although in this example the trajectories of three
vehicles are monitored, vehicle 210 may monitor any num-
ber of vehicles (e.g., 1, 2, 10, 50). Each of the vehicles
510-530 may be selected for monitoring based on a number
of criteria. In one aspect the vehicles may be selected based
on being within a threshold distance from vehicle 210. In
another aspect, the vehicles may be selected based on being
within the range of a sensor (or camera) on vehicle 210. In
yet another aspect, the vehicles may be selected based on
them broadcasting a specific type of signal. The signal may
be a signal indicating location of the vehicles or, alterna-
tively, it may be a signal containing a vehicle identifier, such
as VIN, serial number, MAC or another similar identifier. In
one example, the vehicle identifier may identify vehicles as
either being operated by human drivers or as autonomous
vehicles. In that regard, in some aspects, the vehicle 210
may chose to follow the trajectories traveled by human-
operated vehicles only or autonomously-operated vehicles
only.

After selecting the vehicles 510-530 for tracking, vehicle
210 may observe their trajectories in a number of ways. In
one example, vehicle 210 may use the camera 360 and
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image processing software to track the vehicles 510-530. In
another example, curbside sensors may be used on the side
of the road 430 to detect passing vehicles. In yet another
aspect, the vehicles 510-530 may themselves transmit their
geo-location to the vehicle 210. In yet another aspect, the
vehicle trajectories may be obtained from the server 380. In
other words, the vehicle 210 is not limited to any particular
technique for tracking other vehicle’s trajectories.

FIGS. 6A-C depict plots of trajectories of vehicles 510-
530 that are observed by the vehicle 210. In one aspect, FIG.
6A depicts trajectory 610 of vehicle 210 as a collection of
solid dots. Each solid dot represents a location passed by the
vehicle 510. A location may be considered passed by the
vehicle 510 if the vehicle 510 either drives over or through
that location or within a predetermined distance from that
location (e.g., 1 meter). Together all dots in the plot trace out
a path traveled by the vehicle 510. In a similar fashion, the
trajectories 620 and 630, depicted in FIGS. 6B and 6C,
indicate the paths traveled by vehicles 520 and 530, respec-
tively. In particular, the trajectory 620 indicates that the
vehicle 520 stayed in right lane until the 80” meter of road
stretch at which point it moved to the middle lane, stayed in
the middle lane until it reached the 130 meter of road
stretch, and then moved to the left lane of the road 430,
thereby avoiding the road block 420. Similarly, the trajec-
tory 630 indicates that the vehicle 530 moved from the right
lane to the left before it reached the 60” meter of road stretch
and thus it also avoided the road block 420. The arrowhead
210 depicted in FIGS. 6 A-6C represents the position of the
vehicle 210 at the time the trajectories 610-630 are pro-
cessed in the manner discussed with respect to FIGS.
8A-8B.

FIG. 7 depicts an example of a data structure 710 repre-
senting the trajectory 610. In this example, the trajectory 610
is stored as a set of location samples. Each sample is taken
at a different time instant. Each sampled location is repre-
sented by an X-coordinate and Y-Coordinate. In this
example, the coordinate system is defined by a Y-axis
running in parallel to the left curb of road (430) and the
X-axis is normal to the Y-axis. It should be noted that the
data structure 710 provides only an example of how vehicle
trajectories (e.g., observed or generated) may be repre-
sented. In further examples, however, each of the vehicle
trajectories may be represented as a set of vectors, collection
of coordinates, a polynomial, or any other representation.
The trajectories may be part of course estimates, road
models, and other similar structures used by the vehicle
control unit 220 in controlling the operation of the vehicle
210. Furthermore, although in this example locations in the
trajectory 610 are represented as coordinate pairs, in other
examples they may be represented as vectors, polynomials,
or any other form capable of identifying a location in the
environment of vehicle 210 (e.g., road 430 or areas outside
the road 430). The present disclosure is not limited to any
specific type of location representations.

FIGS. 8A-B depict plots illustrating some of the process-
ing performed on observed trajectories 610-620 in order to
produce combined trajectories 810 and 830. FIG. 8A depicts
a plot of observed trajectories 610 and 620. The plot also
shows the location of vehicle 210 (as an arrowhead) relative
to the road. As shown on the plot, the trajectory 620
originates in the lane where vehicle 210 is located, whereas
the trajectory 610 originates in a different lane. Because it is
located in a different lane, the trajectory 610 may be offset.

FIG. 8B depicts a plot of the trajectory 610 after it has
been offset. The offsetting may involve identifying the
location in trajectory 610 that is the closest, from among all
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locations in the trajectory 610, to the location of vehicle 210
and determining a distance between this location and vehicle
210. The distance may be a Euclidean distance, distance
along the X-axis, distance along the Y-axis, or any other type
of distance. The distance is added (or subtracted) to all other
locations in the trajectory 610. As illustrated in FIG. 8B,
when trajectory 610 is offset, it may be shifted from the
center lane to the lane of vehicle 210. The end effect of the
offsetting may be that the trajectories 610 and 620 are
normalized into a single lane (e.g., the lane of vehicle 210)
before being processed further.

FIG. 8C depicts an example of trajectories 810 and 820.
Trajectory 810 is produced by combining trajectory 610 with
trajectory 620. Trajectory 820 is generated based on infor-
mation about the shape of the road 430 that is obtained from
a map. In this example, the map is inaccurate and the
trajectory 820 leads directly into the road block 420. By
contrast, the combined trajectory 810 safely steers around
the road block 420.

FIG. 8D depicts an example of a combined trajectory 830
that is produced by combining the offset version of trajectory
610 with trajectory 620. For each location in trajectory 610
a cluster of locations may be created that includes the
location in the trajectory 610 and one or more corresponding
locations from the trajectory 620. In one aspect, the corre-
sponding locations may be selected based on being within a
threshold distance from the location in trajectory 610. In
another aspect, only the location that is the closest to the
location in trajectory 610, from among a group of locations
in trajectory 620, may be selected as a corresponding
location. Although in this example the corresponding loca-
tions are clustered with a location from trajectory 610 based
on distance(s) to the location in trajectory 610, in other
examples the clusters of locations may be assembled based
on another characteristic (e.g., location relative to a point
outside of the road 430, successive distances).

FIG. 8E depicts an example of locations 840 being
combined. In particular, location 610a from trajectory 610 is
combined with location 620a from trajectory 620 to produce
a combined location 830a of combined trajectory 830. In
one aspect, the combined location 830qa is determined by
averaging the locations 610a and 620a. For example, the
coordinates (X5, Y;) for location 830a¢ may be calculated
using the formula X =(X,+X,)/2, Y;=(Y,+Y,)/2, wherein
(X,, Y,) and (X,, Y,) are the coordinates for the locations
610a and 620a. Although in this example, the combined
location 830a is calculated by taking the average of loca-
tions 610a and 620a, in other examples any method for
reducing a cluster of locations, to a single representative
location may be used.

In another aspect, the value of the combined location 830a
may be adjusted based on secondary information. The
secondary information may indicate how reliable trajecto-
ries 610 and 620 are. For example the location 830a may be
adjusted by weighing the coordinates of locations 610a and
620a with coefficients based on the secondary information.
For example, the location 8304 may be calculated by using
the formula X =(k, X, +k,X,)2, Yy=(k, Y,+k,Y,)2. If
trajectory 610 is deemed extremely unreliable, the coeffi-
cient k; may set to 0 while k, is set to 2. In such case, no
weight is given to the trajectory 610. In addition, each of the
coeflicients k; and k, may be set somewhere between 0 and
2, thereby adjusting the relative contributions of trajectories
610 and 620 without completely eliminating any one of
them. Alternatively, the formulas X,=[(k,X;+k,X,)/(k,+
k,)] and Y;=[(k, Y,+k,Y,)/(k, +k,)] may be used to guaran-
tee normalization based on total weights. The coefficients k1
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and k2, in this example, may have any possible value. It
should be noted that using coeflicient multiplication, in the
manner discussed above, is only one of many possibly ways
to incorporate secondary information into the calculations of
combined locations.

The secondary information may include different reliabil-
ity characteristics. In one aspect, the number of observed
trajectories that are combined to generate a combined tra-
jectory may indicate how reliable the combined trajectory is.
The greater the number of observed trajectories, the more
reliable the resultant combined trajectory. This is so because,
in general, vehicles that are tracked may randomly change
lanes without road 430 being blocked. The random lane
changes may falsely indicate to vehicle 210 the presence of
aroad block. However, by increasing the sample of observed
trajectories, the effects of random lane changes may be
minimized.

In another aspect, the number of offset trajectories that are
combined to generate a combined trajectory may indicate
how reliable the combined trajectory is. The fewer the offset
trajectories, the more reliable the combined trajectory. If all
the observed trajectories originated from the same lane as
the lane in which the vehicle 210 is located, the combined
trajectory resulting from the observed trajectories may be
considered more reliable. This is so because, unlike vehicles
in other lanes, the vehicles in the lane of vehicle 210 face
very similar road conditions to those encountered by vehicle
210.

In yet another aspect, the distribution of locations found
in a trajectory may indicate how reliable the trajectory is.
The statistical attributes may include variance (e.g., along
the X-axis) standard deviation (e.g., along the X-axis),
correlation between two sets of locations, standard error (in
the set of locations of the combined trajectory), and so forth.

In another aspect, characteristics of a trajectory’s curva-
ture may indicate how reliable the trajectory is. Curvature
characteristics may include, the angle of the sharpest turn
found in a trajectory, the count of turns that cross a threshold
(e.g., turns that are over 90°), the count of left turns, the
count of right turns, the presence of patterns of left and right
turns (e.g., left turn followed by a right turn followed by a
right turn). For example, if a 100° turn is present in a
trajectory, this may be an indication that there is an error and
the trajectory is unreliable, as vehicles rarely turn 100° when
driving on a highway.

In yet another aspect, discontinuities a trajectory may
indicate how reliable the trajectory is. The less continuous a
trajectory, the less reliable. Discontinuities may be identified
based on a distance between successive locations in a given
trajectory. The distance may be along the X-axis, Y-axis,
Euclidean distance, or any other type of distance. Two
locations may be said to be successive if they are located
immediately one after another in an ordered set of locations.
For example, the locations in the ordered set may be
arranged according to the time at which they are measured.

Referring back to FIG. 7, an example of an ordered set of
locations is depicted in the table 710. The average distance
between successive locations in table 710 is about +10 m.
However, the distance between successive locations t, and
t,o0 is =50 m. A gap of such magnitude may, in some
circumstances, be classified as a discontinuity. Thus, to
determine how discontinuous a trajectory is, successive
distances in the trajectory may be compared against a
threshold. The threshold may be a constant (e.g., 50 m) or it
may be based on a statistical measure of the successive
distances in the set of locations (e.g., standard deviation).
Moreover, the amount of discontinuity in a trajectory may be
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qualified based on a count of the discontinuities or the value
of one or more statistical attributes of the set of successive
distances between locations in the trajectory (e.g., average
successive distance, standard deviation).

Referring back to FIG. 8E, the reliability characteristics
discussed above may be used in calculating (or adjusting)
the value of combined location 830a. In one example, the
value of coefficient k;, may be based on one or more
reliability characteristics of trajectory 610 and the value of
coeflicient k, may be based one or more reliability charac-
teristics of trajectory 620. Furthermore, the reliability char-
acteristics may be used to determine whether at all to use a
given trajectory (e.g., combined or observed) in controlling
the operation of the vehicle 210.

FIG. 9 depicts a flowchart of a process 900 for controlling
the operation of vehicle 210 by tracking other vehicles’
trajectories. At task 910, one or more vehicles are tracked.
At task 920, observed trajectories of the tracked vehicles are
obtained. At task 930, two or more of the observed trajec-
tories are processed to generate a first representative trajec-
tory. The generation of the first representative trajectory is
discussed further below with respect to FIGS. 10A-C. At
task 940, the first representative trajectory is processed to
produce a second representative trajectory. The production
of the second representative trajectory is discussed further
below with respect to FIGS. 14 and 15.

At task 950, a map update is performed. In one aspect, a
trajectory may be generated based on information from a
map (e.g., trajectory 820). The generated trajectory may be
compared against the first representative trajectory (e.g.,
trajectory 830). When the two trajectories are found to be
inconsistent, the map may be updated. Task 950 discussed
further below with respect to FIG. 16.

At task 960, vehicle control unit 220 changes the state of
the vehicle 210 based on one of the first representative
trajectory or the second representative trajectory. In one
aspect, vehicle control unit 220 may switch the vehicle 210
to a different control mode. Vehicle may switch to a mode in
which it starts relying on cameras and other sensors more
heavily. In another aspect, vehicle 210 may begin following
the either the first or second representative trajectory. For
example, vehicle control unit 220 may change one of the
speed or direction of the vehicle 210 based on one of the
representative trajectories. Vehicle 210 may change lanes to
avoid road block 420 or alternatively it may slow down. In
yet another aspect, the representative trajectory (first or
second) may be included in a control strategy, course
estimate, road model, or another similar data structure that
is used by the vehicle control unit 220 in controlling the
operation of vehicle 210.

FIGS. 10A-C are flowcharts of exemplary sub-processes
for generating the first representative trajectory as specified
by task 930 of FIG. 9. FIG. 10A depicts exemplary sub-
process 1000A in which an observed trajectory is selected
for use as a representative trajectory (task 1010A). In one
aspect, the trajectory may be selected from a group including
observed trajectories, offset versions of the observed trajec-
tories, or both. In another aspect, the selection may be
performed according to a selection criterion. The selection
criterion may be based on the reliability of the trajectories in
the group. For example, the selection criterion may provide
that the observed trajectory with the least amount of dis-
continuity be selected. The selection criterion may be based
on reliability characteristics such as those discussed above.
Here the observed trajectory may be selected as the repre-
sentative trajectory without combining it with another tra-
jectory.
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FIG. 10B depicts a flowchart of a process 1000B in which
two or more of the observed trajectories in a group are
combined to produce a representative trajectory (task
1010B). The group may include observed trajectories, offset
versions of the observed trajectories, or both. The manner in
which the observed trajectories are combined is discussed
further below with respect to FIGS. 11-12.

FIG. 10C depicts an exemplary sub-process 1000C in
which a representative trajectory is selected from a pool of
combined trajectories. At task 1010C, a group of observed
trajectories is combined to produce a pool of combined
trajectories. The group of observed trajectories being com-
bined may include observed trajectories, offset versions of
the observed trajectories, or both. The resulting pool of
combined trajectories may include combined trajectories
that are generated in a different manner from one another. In
one aspect, combined trajectories in the pool may be gen-
erated based on different subsets of the group of trajectories.
In another aspect, each of the combined trajectories in the
pool may be generated by executing an expectation-maxi-
mization (EM) process. The EM process is further discussed
below with respect to FIG. 12.

At task 1020C, a trajectory from the pool is selected as a
representative trajectory. The criterion used for the selection
may be based on one or more of trajectory characteristics
that indicate reliability. Exemplary criteria include:

R1: Select the combined trajectory that is generated based

on the largest number of observed trajectories.

R2: Select the combined trajectory that is generated based

on the smallest number of offset observed trajectories.

R3: Select a combined trajectory that has the smallest

standard error associated with the combined trajecto-
ry’s set of locations.

R4: Select a trajectory where no turn exceeds a pre-

determined threshold angle (e.g., 90°).

R5: Select the combined trajectory with the lowest

amount of discontinuity.

It should be noted that the criteria above are provided as
examples only. Furthermore, it should be noted that two or
more of the criteria may be combined together.

FIG. 11 depicts a flowchart of a sub-process 1100 for
combining two or more observed trajectories of vehicles that
are tracked as shown by task 1010B of FIG. 10B. At task
1110, a trajectory is selected as a base trajectory from the
trajectories that are being combined. At task 1120, a plurality
of'locations that are part of the base trajectory is determined.
At task 1130, a location from the plurality is selected as a
base location. In this example, location 610a may be
selected. In one aspect, each location identified by the base
trajectory may be selected as a base location only once
during the execution of the sub-process 1100.

At task 1140, a cluster of one or more locations is
determined. The cluster may include locations from all
trajectories that are being combined except for the base
trajectory. In one aspect, the cluster may include locations
that are within a predetermined distance from the base
location. In another aspect, the cluster may include only one
location from each trajectory that is being combined. The
latter location may be the location closest to the base
location from among a group of locations in the trajectory to
which the latter location belongs. Thus, at task 1140, tra-
jectories that are being combined (e.g., trajectory 620) may
be processed to identify locations that are within a prede-
termined distance from (or the closest to) the base location.
The distance measured may be distance along X-axis, dis-
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tance along Y-axis, Euclidean distance, or any other type of
distance. In the present example, location 620a may be
selected.

At task 1150, a combined location is calculated based on
the base location and the locations from the cluster deter-
mined at task 1140. The combined location may be gener-
ated in the manner discussed with respect to FIG. 8E. For
instance, the combined trajectory may be an average of the
base location and locations from the cluster. In this example,
locations 610a and 620a may be combined to generate
combined location 830a.

At task 1160, the combined location is included in the
combined trajectory that is being generated. In the present
example, combined location 830a is added to the trajectory
830. At task 1170, it is determined whether additional
locations from the plurality of locations determined at task
1120 remain to be processed. If yes, task 1130 is executed
with another location from the base trajectory being selected
as the “base” location. In some aspects, task 1130 may be
repeated once for every location in the plurality of locations
determined at task 1120. When task 1130 is not to be
repeated any more, the execution of the process 1100 is
finished.

FIG. 12 depicts a flowchart of sub-process 1200 for
combining two or more observed trajectories of vehicles that
are tracked as shown by task 1010B of FIG. 10B. At task
1210, one of the observed trajectories that are being com-
bined is selected as an initial base. At task 1215, a plurality
of'locations included in the base is determined. The plurality
may include all or a portion of the locations in the base. At
task 1220, a location from the plurality is selected as a base
location. In one aspect, each location in the plurality iden-
tified at task 1215 may be (or is) selected as a base location
only once.

At task 1225, a cluster of one or more locations is
determined. The cluster may include locations from all
trajectories that are being combined. However, during the
first iteration of the process 1200, the cluster does not
include locations from the trajectory selected as a base at
task 1210. In one aspect, the cluster may include locations
that are within a predetermined distance from the base
location. In another aspect, the cluster may include only one
location from each trajectory that is being combined. The
latter location may be the location closest to the base
location from among a group of locations in the trajectory to
which the latter location belongs. Thus, at task 1225, tra-
jectories that are being combined (e.g., trajectory 620) may
be processed to identify locations that are within a prede-
termined distance from (or the closest to) the base location.
The distance measured may be distance along X-axis, dis-
tance along Y-axis, Euclidean distance, or any other type of
distance.

At task 1230, a combined location is calculated based on
the base location and the cluster of locations determined at
task 1225. The combined location may be generated in the
manner discussed with respect to FIG. 8E. For example, the
combined trajectory may be an average of the base location
and locations from the cluster. At task 1235, the combined
location is included in a current resultant set.

At task 1240, it is determined whether additional loca-
tions from the plurality determined at task 1215 remain to be
processed. If yes, task 1220 is executed with another loca-
tion being selected as the “base” location. In some aspects,
task 1220 may be repeated once for every location in the set
of locations determined at task 1215. When task 1220 is not
to be repeated, task 1245 is performed.
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At task 1245, it is determined whether a convergence
criterion is met. In one aspect, the convergence criterion may
be based on a number of iterations. For example, the
convergence criterion may specify that tasks 1210-1240 may
be repeated five times at most. In another aspect, the
convergence criterion may be based on a distance between
the current resultant set and a resultant set generated in a
previous iteration. For example, the difference may be
determined based on a distance between a first location in
the current resultant set and a location from a resultant set
that generated in a previous iteration (e.g., the most recent
resultant set). If it is determined that the convergence
criterion is met, the locations in the current resultant set are
included in the combined trajectory that is being generated
at task 1250. Otherwise, task 1255 is executed.

At task 1255, the current base is changed. In particular,
the current resultant set is made the current base. After-
wards, a new resultant set is generated. The new resultant set
includes combined locations that are generated by combin-
ing “base locations” from a previously-calculated resultant
set with the observed trajectories that are being combined.
Thus, the resultant set that is the outcome of each “outer
loop” iteration of the process 1200 is refined in subsequent
iterations by being combined again and again with the same
set of observed trajectories of vehicles that are being
tracked.

FIG. 13 depicts an example sub-process 1300 for gener-
ating a pool of combined trajectories as specified by task
1020B. The pool of combined trajectories is generated based
on a set of observed trajectories (task 1310). The process
1200 is executed multiple times. Every time the process
1200 is executed, a different trajectory from the set of
combined trajectories is used as an initial base (e.g., at task
1210). The combined trajectory resulting from each execu-
tion is added to pool of combined trajectories. Thus, in one
aspect, all combined trajectories in the pool may be gener-
ated by combining the same trajectories, but with a different
trajectory used as an initial base in the process 1200.

FIG. 14 depicts an exemplary sub-process 1400 for pro-
cessing the first representative trajectory to produce a second
representative trajectory as specified at task 940 of FIG. 9.
At task 1410, the first representative trajectory determined at
task 930 is obtained. At task 1420, a reference trajectory is
obtained that is generated based on information other than
vehicle trajectory information. In one aspect, the reference
trajectory may be generated based on a representation of the
road 430 found in a map that is stored in memory 320. In
another aspect, the backup trajectory may be generated by
processing information from sensor 370 and camera 360.
The reference trajectory may be generated by using any
known method for generating vehicle trajectories, course
estimates or vehicle control strategies.

At task 1430, environmental information is obtained
using, e.g., camera 360 and/or sensor 370. The environmen-
tal information may include locations of k-rails, obstacles,
cones, and other features that provide information about
whether the road 430 is blocked. After the environmental
information is obtained, a determination is made of whether
the environmental information is consistent with the refer-
ence trajectory. For example, if obstacles or cones are
detected in the path of the reference trajectory, a determi-
nation may be made that the environmental information is
inconsistent with the reference trajectory. When the refer-
ence trajectory is inconsistent with the environmental infor-
mation, that may be a sign that the reference trajectory is
inaccurate and therefore the first (or second) representative
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trajectory, that is generated based on observed trajectories of
other vehicles, should be used in controlling the operation of
the vehicle 210.

At task 1440, a constraint is obtained. In one aspect, the
constraint may specify bounds or a limit for a characteristic
of the first representative trajectory. The characteristic may
be one of the characteristics that indicate reliability (e.g.,
curvature characteristic, discontinuity characteristic). For
example, the constraint may specify that no turn in a
trajectory should exceed ninety degrees. As another
example, the constraint may specify, that the amount of
discontinuity should not exceed a pre-determined threshold.
As yet another example, the constraint may specify that the
number of turns in a given stretch of road (e.g. 200m of road)
should not exceed a pre-determined number. As yet another
example, the constraint may specify that no more than two
offset trajectories may be used in generating the first repre-
sentative trajectory.

In another aspect, the constraint may specify ranges for
the locations in a given trajectory. For example, the con-
straint may specify that the horizontal positioning of all
locations in a trajectory falls within the ranges (2 m-3 m), (7
m-8 m), (9 m-10 m). These ranges, as FIGS. 6 A-C illustrate,
may fall within the center portions of the different lanes in
road 430.

In yet another aspect, the constraint may require a degree
of similarity between the representative trajectory and target
trajectory. The target trajectory may be the reference trajec-
tory, an observed trajectory, an observed trajectory that is
used in generating the first representative trajectory, or any
other trajectory. The similarity may be defined in terms of
distance between a first location in the first representative
trajectory and a corresponding second location in the target
trajectory. The corresponding location may be the location in
the representative trajectory that is the closest to the first
location from among a group of locations in the target
trajectory. As another example, the similarity may be defined
in terms of an average distance between a group of locations
in the first trajectory and their corresponding counterparts in
the second trajectory. As yet another example, the similarity
may be defined in terms of curvature. For instance, the
constraint may require that for a turn in the first represen-
tative trajectory having a given characteristic (e.g., turn
angle, starting location, ending location), there be a corre-
sponding turn in the target trajectory that has a characteristic
that matches the characteristic of the turn of the first repre-
sentative trajectory.

In yet another aspect, the constraint may require that the
first representative trajectory be within a threshold distance
from the vehicle 210. For example, the constraint may
specify that the closest point in the first representative
trajectory is no further than a threshold distance from
vehicle’s 210 location.

At task 1450, it is determined whether the constraint is
met. In one aspect, a measure of the extent to which the
constraint is met is generated. The measure may be a binary
value indicating that the constraint is either met or not met
(e.g., m=1 may indicates that a constraint is met, whereas
m=0 indicates that a constraint is not met). Alternatively, the
measure may indicate the degree to which the constraint is
met. For example, if the constraint specifies that at least 10
observed trajectories have to be used in generating the first
representative trajectory, whereas only 9 have been used,
then the measure may indicate that the constraint is barely
not met. Alternatively, if the representative trajectory is
generated based on five observed trajectories, then the
measure may have a different value indicating that the

10

15

20

25

30

35

40

45

50

55

60

65

14

constraint is missed by a greater margin (e.g., m=0.9 indi-
cates that the constraint is missed by a 10% margin, m=0.5
indicates that the constraint is missed by 50% margin, and
m=1.1 indicates that the constraint is exceeded by a 10%
margin).

At task 1460, the first representative trajectory is modified
to produce a second representative trajectory. In one aspect,
the modification may involve adjusting one or more of the
locations that are part of the first representative trajectory.
For example, a location in the first representative trajectory
having coordinates (X,Y) may be replaced with a location in
the second representative trajectory having coordinates
(k1*X, k2*Y), wherein the coefficient k1 and k2 may
depend on the measure of extent to which the constraint is
met. As another example, referring to FIG. 8C, trajectory
810 may be shifted from the centerline dividing lane 1 and
lane 2 to lane 2. The present disclosure is not limited to any
particular method for adjusting one or more of the locations.

In another aspect, the first trajectory may be combined
with the reference trajectory to generate the second repre-
sentative trajectory. The combination may be performed in
the manner discussed above with respect to FIGS. 11 and 12.
For example, each of the locations in the second represen-
tative trajectory may be determined by selecting a point in
the first representative trajectory, identifying a correspond-
ing point in the reference trajectory, and calculating their
average.

In another aspect, the average may be adjusted based on
the measure of the extent to which the first representative
trajectory meets the constraint and/or the determination of
whether the environmental information determined at task
1420 supports the first trajectory. For example, the average
of a first location from the first representative trajectory,
having coordinates (X, Y,), and a second location from the
reference trajectory, having coordinates (X,, Y,), may be
calculated by using the formula X;=(k,'X,+k,X,)/2, Y=
(k,Y,+k,Y,)/2. As another example, if the environmental
information is inconsistent with the first map, the coeflicient
k; may be set to 0 while the coefficient k, is set to 2, in this
case, no weight is given to the reference trajectory. Simi-
larly, if any of the constraints are violated, the coefficient k,
may set to 0 while k, is set to equal 2. In this case, case no
weight is given to the first representative trajectory.

Furthermore, each of the coefficients k; and k, may be set
somewhere between 0 and 2, adjusting the contribution of
the first representative trajectory and the first trajectory with
respect to calculating the second representative trajectory
without completely eliminating it. For instance, if the mea-
sure of the extent to which a constraint is met is 0.9, k; may
be set to equal this value thereby lowering the contribution
of the first representative trajectory without completely
eliminating it.

Stated succinctly, the second representative trajectory that
is generated at task 1460 may be based on the first repre-
sentative trajectory only, the reference trajectory only, or
both the representative trajectory and the reference trajec-
tory. In that regard, at a high level of abstraction, the process
1400 determines to what extent vehicle 210 is to rely on the
trajectories of other vehicles on the road 430 or on conven-
tional information, such as maps, sensor feedback, and so
forth. The determination is made based on decisions about
whether constraints are met and information from cameras,
laser scanners, and other similar sensors.

FIG. 15 depicts an exemplary sub-process 1500 for pro-
cessing the first representative trajectory to produce a second
representative trajectory, as specified by task 960 of FIG. 9.
In some aspects, the second representative trajectory may be
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an improved version of the first representative trajectory. At
task 1510, the first representative trajectory determined at
task 930 is obtained. At task 1520, environmental informa-
tion is obtained using, e.g., camera 360 and/or sensor 370.
The environmental information may include locations of
k-rails, obstacles, cones, and other features that provide
information about whether the road 430 is blocked. Task
1520 is identical to task 1430.

At task 1530, a constraint, is obtained. In one aspect, the
constraint may specify bounds or a limit for a characteristic
of the first representative trajectory. The obtained constraint
may be any of the constraints discussed with respect to task
1440, such as a constraint that specifies ranges for locations
in the first representative trajectory or a constraint based on
the number of turns in the first representative trajectory. In
some aspects, the constraint may require a consistency
between the first representative trajectory and the environ-
mental information obtained at task 1520. For example, the
constraint may specify that no location in the first represen-
tative trajectory should be closer than a predetermined
distance from an obstacle on the road that is detected using
the camera 360 or sensor 370.

At task 1540, it is determined whether the constraint is
met. In one aspect, a measure of the extent to which the
constraint is met is generated. The measure may be a binary
value indicating that the constraint is either met or not met,
or alternatively, it may be a value indicating the degree to
which the constraint is met. At task 1550, the first repre-
sentative trajectory is modified to produce a second repre-
sentative trajectory. The second representative trajectory, as
noted, may be an improved version of the first representative
trajectory and its generation may involve adjusting one or
more of the locations that are part of the first representative
trajectory. For example, a location in the first representative
trajectory having coordinates (X,Y) may be replaced in the
second representative trajectory with a location having coor-
dinates (k, *X, k,*Y), wherein the coefficients k, and k, may
depend on environmental information obtained at task 1520
or a measure of extent to which a constraint obtained at task
1530 constraint is met. It should be noted that the process
1500 is an example of one of many possible ways of
combining information regarding observed vehicle trajecto-
ries with additional (environment) information in order to
produce an improved trajectory estimate.

FIG. 16 depicts an example sub-process 1600 for per-
forming a map update as specified by task 960 of FIG. 9. At
task 1610, a backup trajectory is generated based on infor-
mation from a map. At task 1620, a first portion of the first
representative trajectory (generated at task 930) is identified
along with a second portion of the backup trajectory. The
first portion may include all or fewer of the locations in the
first trajectory. The second portion may include all or fewer
of the locations in the backup trajectory.

At task 1630, a measure of discrepancy is determined
between the first portion and the second portion. In one
aspect, the measure is based on distance between locations
in the two portions. For example, the measure may be based
on the distance between a first location from the first portion
and location(s) from the second portion that correspond to
the first portion (e.g., distance to the closest of all locations).
In another aspect, the measure may be based on the average
distances between locations in the first portion and their
corresponding locations in the second portion. In yet another
aspect, the measure may be based on characteristics of turns
indicated by the first trajectory (e.g., location, angle). The
greater the one of the above distances, the greater the
measure of the discrepancy. Similarly, the greater the dif-
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ference in the characteristics of correspond turns in the two
portions, the greater the measure of discrepancy.

At task 1640, a map update may be performed. In one
aspect, the map update is performed only if the measure of
discrepancy determined at task 1640 exceeds the threshold.
For example, if any of the calculated distances (e.g., average
distance or distance between two points is greater than 10
meters, the map update is performed). In one aspect, the map
update may involve modifying a map that is stored in
memory 320 to show that the road 430 is likely blocked,
changing a representation of the shape of the geometry (e.g.,
shape) to conform to the shape of the representative trajec-
tory, or storing an indication in memory 360 that the map is
inaccurate. In yet another aspect, performing an update may
involve transmitting a message to the server 380 instructing
to modify a map or simply alerting it that the map may be
inaccurate.

FIGS. 1-16 are provided as examples only. At least some
of the tasks may be performed in a different order than
represented, performed concurrently or altogether omitted.
In should be noted that the ideas and concepts of this
disclosure may find application in traction control systems,
collision detections systems, and other passive or active
systems found in vehicles. Furthermore, the vehicle trajec-
tory information may be used to update road maps or for
real-time road conditions monitoring. Moreover, the afore-
mentioned features may be implemented either in software
as part of instructions 330 executed by a processing device,
such as a processor, or in hardware (e.g., using FPGA), or
both in software and hardware. The present disclosure is not
limited to any particular software or hardware implementa-
tion.

Regarding the combination of locations from an observed
trajectory to obtain a combined location, although the above
discussion focuses on combining points from a group
including a base point and at least one corresponding point
by calculating an average location, the present disclosure is
not limited to this approach. Other variations may be
designed where another rule or formula is used to reduce a
plurality of locations in a group to a single representative
location. Furthermore, although the points corresponding to
a given base point are identified based on distance, in other
variations, corresponding points may be identified based on
other or additional or entirely different criteria.

In addition, although the above example focuses on
multiplying location coordinates by coefficients in order to
adjust locations found in trajectories based on secondary
information, other examples are possible where the second-
ary information is used in other ways to alter the location
values in trajectories that are processed or generated. More-
over, before a group of trajectories is combined one or more
of them may be offset based on the location of vehicle. In
addition, each of the trajectories that are behind the vehicle
210 (relative to its direction of travel) being discarded. As
these and other variations and combinations of the features
discussed above can be utilized without departing from the
subject matter as defined by the claims, the foregoing
description of exemplary aspects should be taken by way of
illustration rather than by way of limitation of the subject
matter as defined by the claims. It will also be understood
that the provision of the examples described herein (as well
as clauses phrased as “such as,” “e.g.”, “including” and the
like) should not be interpreted as limiting the claimed
subject matter to the specific examples; rather, the examples
are intended to illustrate only some of many possible
aspects.



US 9,459,625 Bl

17

The invention claimed is:
1. A method comprising:
tracking, with one or more processors, a plurality of road
vehicles to obtain a plurality of observed trajectories,
each one of the plurality of observed trajectories
including locations passed by a given road vehicle from
the plurality of road vehicles;
selecting, with the one or more processors, one of the
plurality of observed trajectories as a base;

combining, with the one or more processors, the selected
observed trajectory with one or more remaining trajec-
tories in the plurality of observed trajectories;

generating, with the one or more processors, a new
trajectory based on the combined trajectories; and

changing, with the one or more processors, at least one of
a speed of the given road vehicle and a direction of the
given road vehicle based on the new trajectory.

2. The method of claim 1, wherein combining the selected
observed trajectory comprises identifying, for each location
in the selected observed trajectory, locations in remaining
ones of the plurality of observed trajectories that are within
a predetermined distance from the location in the selected
observed trajectory.

3. The method of claim 1, wherein the plurality of
generated trajectories is generated using an expectation-
maximization (EM) process.

4. The method of claim 1, further comprising:

generating a plurality of new trajectories, wherein each of

the plurality of generated trajectories uses a different
observed trajectory as the base; and

selecting a first trajectory from the plurality of new

generated trajectories.

5. The method of claim 4, wherein the selected first
trajectory is selected based on a discontinuity in the selected
first trajectory.

6. The method of claim 4, wherein the selected first
trajectory is selected based on a characteristic of a curvature
of the selected first trajectory.

7. The method of claim 4, further comprising:

determining a current location of the vehicle; and

wherein the selected first trajectory is selected based on a

distance between the current location and a location
that is part of the selected first trajectory.

8. A non-transitory computer-readable storage medium on
which computer readable instructions of a program are
stored, the instructions, when executed by one or more
processors, cause the one or more processors to perform a
method, the method comprising:

tracking a plurality of road vehicles to obtain a plurality

of observed trajectories, each one of the plurality of
observed trajectories including locations passed by a
given road vehicle from the plurality of road vehicles;

selecting one of the plurality of observed trajectories as a

base;

combining the selected observed trajectory with remain-

ing ones in the plurality of observed trajectories;
generating a new trajectory based on the combined tra-
jectories; and

changing at least one of a speed of the given road vehicle

and a direction of the given road vehicle based on the
new trajectory.

9. The medium of claim 8, wherein combining the
selected observed trajectory comprises identifying, for each
location in the selected observed trajectory, locations in
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remaining ones of the plurality of observed trajectories that
are within a predetermined distance from the location in the
selected observed trajectory.

10. The medium of claim 8, wherein the plurality of
generated trajectories is generated using an expectation-
maximization (EM) process.

11. The medium of claim 8, further comprising:

generating a plurality of new trajectories, wherein each of

the plurality of generated trajectories uses a different
observed trajectory as the base; and

selecting a first trajectory from the plurality of new

generated trajectories.

12. The medium of claim 11, wherein the selected first
trajectory is selected based on a discontinuity in the selected
first trajectory.

13. The medium of claim 11, wherein the selected first
trajectory is selected based on a characteristic of a curvature
of the selected first trajectory.

14. The medium of claim 11, further comprising:

determining a current location of the vehicle; and

wherein the selected first trajectory is selected based on a

distance between the current location and a location
that is part of the selected first trajectory.

15. A system comprising:

memory;

one or more processors in communication with the

memory, the one or more processors configured to:
track a plurality of road vehicles to obtain a plurality of
observed trajectories, each one of the plurality of
observed trajectories including locations passed by a
given road vehicle from the plurality of road vehicles;

select one of the plurality of observed trajectories as a

base;

combine the selected observed trajectory with remaining

ones in the plurality of observed trajectories;

generate a new trajectory based on the combined trajec-

tories; and

change at least one of a speed of the given road vehicle

and a direction of the given road vehicle based on the
new trajectory.

16. The system of claim 15, wherein combining the
selected observed trajectory comprises identifying, for each
location in the selected observed trajectory, locations in
remaining ones of the plurality of observed trajectories that
are within a predetermined distance from the location in the
selected observed trajectory.

17. The system of claim 15, wherein the plurality of
generated trajectories is generated using an expectation-
maximization (EM) process.

18. The system of claim 15, wherein the one or more
processors are further configured to:

generate a plurality of new trajectories, wherein each of

the plurality of generated trajectories uses a different
observed trajectory as the base; and

select a first trajectory from the plurality of new generated

trajectories.

19. The system of claim 18, wherein the selected first
trajectory is selected based on a discontinuity in the selected
first trajectory.

20. The system of claim 18, wherein the selected first
trajectory is selected based on a characteristic of a curvature
of the selected first trajectory.
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